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A novel background modeling method based on
color grade of different frames
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Tianjin 300072, China;2. Military Traf fic Institute , Tianjin 300161,China)

Abstract: Based on the analysis of some feature videos of traffic scene, the values of background pixels
are obtained according to variety of pixel colors in video flows. A modeling method of estimating back-
ground pixels using color grade of different frames is proposed. The image is divided into some sub-re-
gions in computing, and every sub-region background is gotten according to variety of color grade,
then the background image is rebuilt according to the computing results of every sub-region. Experi-
mental results show that the process of background modeling can be completed after computing aver-
age initial 100 frames, which is less than that of other methods,and the average computing time of ev-
ery frame is 15. 566 ms. The speed of modeling and the number of initial frames can meet the require-
ments of the video surveillance system in traffic scene using this method.
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